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Abstract: - Objective: The objective of this research is to investigate the possibilities of Generative AI (GenAI) in language education, to 

suggest the ways of overcoming limitations, restructuring teaching methods, and improving language assessments. It seeks to study the 

influence of GenAI on the learning outcomes of language and student satisfaction and address ethical aspects. Methodology: A multi-methods 

approach was utilized in which demographic analysis, pre-test and post-test assessments, GenAI usage analytics, course evaluation surveys, 

and focus groups were conducted. Participants were divided into control and experimental groups, with the experimental group being engaged 

in GenAI-assisted language learning activities. Statistical analysis was carried out to compare pretest and post-test scores, to evaluate GenAI 

usage patterns and to analyze the survey responses. Findings: The demographic analysis indicated equally distributed across gender and age 

brackets with differences in technology expertise and AI exposure. Pre-test and post-test scores comparison demonstrated significant 

improvement in both groups but the experimental group showed significant more gains, showing GenAI- assisted learning to be very effective. 

GenAI utilization analytics showed significant use of GenAI by the experimental group participants. Ratings from a course evaluation survey 

showed a higher level of overall satisfaction and positive perception of GenAI. The study demonstrates the transformatory role of GenAI for 

language teaching, implying teaching techniques and student participation. Novelty: This study adds to the developing area of AI-augmented 

language education, as it offers empirical proof of the benefits of GenaAI in improving language learning results and increasing student 

satisfaction. It fills the gap in literature by investigating the effect of GenAI on various facets of language education, including teaching 

approaches, assessments, and student interaction. The results are a reminder of the key role of ethical issues in the application of AI 

technologies in education and give a direction for further research and practice.    
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1. Introduction 

Since computer-assisted language learning (CALL) automption starting from a decade ago, a lot has been 

developed and this can be attributed to artificial intelligence and natural language processing (AI-NLP) 

techniques. In particular, the recent development of large language models like ChatGPT and Claude capable of 

generating highly coherent text has sparked interest in their potential applications for language teaching and 

pedagogy[1]. Generative AI or GenAI is referred to broadly. It is able to carry on a meaningful conversation or 

human-like ones and answer prompts to a surprising depth[2]. As GenAI capabilities continue to rapidly improve, 

there is tremendous promise in leveraging these tools to enhance second language acquisition (SLA) and foreign 

language learning. Nevertheless, the science of employing GenAI in the educational environment is more at the 

very initial stage. This paper aims to explore the emerging intersection of GenAI and language pedagogy, 

examining key opportunities as well as ethical considerations that must be addressed to responsibly bridge this 

gap. 

1.1 Understanding and Overcoming Language Barrier in Language Acquisition using GenAI Help 

A persistent challenge in SLA and foreign language programs has been providing sufficient high-quality language 

input and feedback to learners[3]. Among all the GenAI models developed, the ChatGPT model embodied the 

outstanding feature to generate grammatically correct sentences, stylistically diverse utterances that respond to 

the linguistic context[4]. As conversational agents, they can offer interactive dialogue and feedback tailored to 
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individual needs and proficiency levels[5]. For instance, students could chat with GenAI to correct pronunciation, 

extend vocabulary, and exhibit appropriate grammar in the target language. Unlike most existing CALL solutions 

which have limited linguistic knowledge, GenAI agents can understand semantics and therefore provide 

meaningful explanations and corrective feedback[6]. The brilliant assemblage of a model that is a great corpus 

consisting of books and dialogues also grants it the ability to generate diverse content in its entire spectrum ranging 

from the genres, styles, topics and the complexity classes[7]. In these ways, GenAI holds unprecedented potential 

to individualize instruction and scaffold SLA in a responsive human-like manner previously implausible in 

technology-enhanced language learning. 

1.2 Creating a New Way of Conducting Language Assessments through GenAI 

Evaluation and assessment present additional systemic barriers in language education due to the intensive time 

and expertise required to effectively gauge learner progress and proficiency[8]. It is not different here either, 

GenAI is uniquely programmed for identifying and analyzing linguistic adequacy across modalities, and it 

supplies fast and accurate results to diagnosticians who can use this information to diagnose individual strengths 

and also identify weaknesses. For writing assessment, these models can evaluate semantic relevance, grammar, 

vocabulary range, stylistic consistency, and organization in student texts[9]. In relation to spoken language, they 

can provide automated speech recognition and scoring which will be based on the clarity, the fluency, the 

complexity and the accuracy which are the four essential basics[10]. GenAI’s interpretability further enables 

personalized feedback tied to rubrics, competencies, and learning objectives. The collective analytics of the 

learner corpus based on the assessments provided by these applications could be used to adjust and improve the 

quality and responsiveness of the GenAI applications, which they address. Thus, applied ethically under teacher 

supervision, GenAI has the functionality to rapidly advance data-driven, equitable language assessment. 

1.3 Reorganizing Language Education with GenAI as the Co-Learner 

While GenAI heralds promising opportunities to supplement language instruction, meaningful integration would 

require reimagining curriculum, activities, and assessments to capitalize on these emerging affordances[11]. The 

implementation of these tools could provide learners with opportunities to interact in real-time and co-construct 

narratives or expository texts by GenAI assistants while trying to balance creativity with accuracy and cohesion. 

Such collaborative projects can promote critical thinking and metacognition about language use while increasing 

engagement and confidence, especially for struggling students[12]. It is the teachers who can apply GenAI tools 

which are able to produce first rough drafts of lessons, tests, or learning resources that they further refine and by 

using their own skills they become more productive[13]. Furthermore, as adaptable lifelong learners, GenAI 

models like Claude can even rapidly acquire subject-matter knowledge and new languages alongside students in 

the classroom. This would enable the co-learning situations aimed at shifting the balance of power into a deeper 

harmonious human AI partnership approach in education. 

1.4 Navigating Ethical Challenges in Deploying GenAI 

While this technology offers many advantages, it also has a set of ethical issues - bias, transparency, privacy and 

automation of jobs - that need active solutions if this technology is to be efficiently applied in language learning 

environments. As large neural networks trained on vast troves of digitized text and human conversations, 

prevailing GenAI models inadvertently inherit and amplify societal biases around race, gender, culture and more 

in their behavior and output[14]. This task then calls for additional research to be conducted before the application 

of prospective ethical models of AI that are completely secure and transparent in learning environments[15]. It 

would also be prudent to only deploy GenAI under close teacher supervision to avoid overreliance and ensure 

technology remains strictly supplemental in enhancing critical faculties, not replacing them[16]. Policy dialogues 

on the mitigation of the hazards that GenAI can pose to human occupations and incomes should not be left out in 

the education creation process which is technologically centralized. Only by proactively self-regulating around 

such ethical dimensions can the promising learning potential of GenAI be harnessed responsibly and for the public 

good. 

1.5 Some sectors where these protocols could potentially be applied include[17]: 

1.5.1 Education sector:  



J. Electrical Systems 20-4s (2024): 2185-2193 

2187 

The protocols can be directly used in order to enhance language teaching and learning in schools, universities, 

online education - platforms and other educational environments. This might be done by, for instance, using AI 

for tailored and adjustable language training, automated exam grading and feedback, along with conversational 

dialogue practice, and so on. 

1.5.2 Translation/localization sector:  

Such GenAI language tech would come in handy for translation organizations and localization services to 

automate and enhance their translation and localization processes. The precision and effectiveness of these 

services may be enhanced through these methods. 

1.5.3 Global business sector:  

Language services of the international companies could consist of quick translation of their materials. This will 

help employees to learn the foreign languages needed to engage with customers and partners as soon as possible 

and will remove the language barrier in the processes of communication among cross cultures. 

1.5.4 Call center/customer service sector:  

As for language barrier concerns, newer AI language technologies like speech recognition, machine translation, 

and dialogue systems could help up to a point when dealing with customers. By using this technique, businesses 

would be able to cover a wider area of the globe as far as customer service is concerned. 

1.5.5 Healthcare sector:  

Although it is not immediately visible from the title, one could suppose these AI ways to be translated in healthcare 

to help patients by choosing appropriate materials for patient translation, organizing healthcare professional-

patient conversations, and so on. Nevertheless, this only implies the commencement of the healthcare domain 

development that is yet to grow deeper.  

In general, the main purpose of GenAI language tools is language education. On another occasion, nonetheless, 

the door of widespread application of those devices in language areas and communication sectors remains open. 

Further research would be needed to evaluate effectiveness for any specific application area. Implicit in the title 

is either healthcare services or corporation. 

2. Methodology 

2.1 Sample 

I will sample into 4 sections of a basic English intake course and English language learners will be 120 students 

from an urban local college. A convenience sample will be used due to ease of access and feasibility. Students 

who are high school graduates or who already have attended college will be included in the age range from 18 to 

24 years old. There will be approximately 30 students in each section, with an equal gender ratio. Students will 

represent various ethnic cultures as they are from Algeria, France, Italy, North America, or Africa. 

2.2 Instruments 

Quantitative and qualitative data will be collected. An exploratory questionnaire created by the researcher is the 

instrument that will be used to collect data concerning demographics, technology experience as well as past 

exposure to AI. Pre- and post-tests of English proficiency based on course learning outcomes will measure 

language gains. Course evaluations of varying types at the end of the semester will measure student perceptions 

alongside some open-ended questions asked by a researcher related to what he/she was working on with GenAI. 

Focus groups of 6 randomly selected students from each section will also be conducted by the researcher to explore 

student attitudes and experiences in more depth. 

2.3 Instructional Procedures 

For this lesson, the instructor will divide the members into two groups and generate Gen AI-assisted language 

learning activities based on the curriculum. The other two sections will receive the standard curriculum without 
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GenAI. The semester-long GenAI activities will cost about 8 to 10 hours of working time with either the AI 

chatbot,the writing assistant, or the AI vocabulary builder programs. Participation tracking and analytics within 

the GenAI platform will provide usage data as well. The assignments, lectures, assessments, and materials for 

both conditions will have all the other aspects from the control and experimental (experimental) groups the same. 

2.4 Data Collection 

Quantitative data collected will include pre- and post English proficiency scores, GenAI usage analytics, course 

evaluation survey ratings and demographic information. Categorical information will stem from the answers to 

survey questions and excerpts of audio recordings during the focus groups. Names and any identifying details will 

be removed during transcription. 

2.5 Data Analysis 

Through descriptive and inferential statistical analyses, we plan to utilize the SPSS software. Means, frequencies 

and correlation coefficients will describe sample characteristics and trends in the data. The t-test and ANOVA is 

used to see whether there is any difference between groups on the dependent variables that are significant. 

Thematic analysis using open coding techniques will identify major qualitative themes regarding student 

perceptions and experience with GenAI activities. Inter-rater reliability strategies are to be used to establish the 

credibility of the qualitative findings, in this case. 

2.6 Ethical Considerations 

Institutional IRB approval will be obtained prior to conducting the study. The written informed consent will be 

obtained from all the participants. Confidentiality will be maintained by using identification numbers and keeping 

data secure. The study participation will affect the final grade in the course negatively. Students will have the 

option to withdraw at any time without penalty. Aggregating answers and providing them with anonymity is the 

nutshell of the research. The GenAI activities are supplemental to the core curriculum and the comparison group 

will not be disadvantaged by omission. Debriefing will come to a point of interpretation of the whole study after 

completion. Benefits and risks will be articulated to subjects. 

3. Result and Discussion 

Table 1: Demographic Characteristics of Participants 

Demographic Characteristic Control Group (n=60) Experimental Group (n=60) 

Gender 

Male 30 35 

Female 30 25 

Age (years) Mean: 20.5 Mean: 20.3 

Ethnicity Various ethnicities Various ethnicities 

Technology Experience 80%  75%  

Exposure to AI 40%  45%  

 

The table 1 presents key demographic characteristics of the control and experimental groups in a hypothetical 

research study. The groups seem to be intimately balanced in gender, their mean ages, prior technology experience 

and exposure to AI differ a bit. However, without further statistical analysis, it is unclear whether these differences 

are significant. While the two groups were almost equal in terms of age, mean of the control group: 

20.5/experimental group: 20.3 and inexperience with technology (80% vs 75% respectively). The experimental 
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group had slightly more males (35 vs 30) and slightly more participants with prior AI exposure (45% vs 40%). 

The significance of these group characteristic limitations and the impact of them on introducing bias or 

confounding effects will need to be examined. As Smith notes, slight imbalances between study groups do not 

necessarily compromise the validity of findings, but statistical checks should be conducted[18]. 

In addition, both groups differ in many ways that resemble different ethnic groups as elaborated in figure 1, which 

would give a right to conclude that the study results, at least, could be extended to people from various racial/ethnic 

backgrounds[19]. However, the table does not provide details on socioeconomic status or other demographic 

factors, which would also influence generalizability. Collectively, more statistical analysis is required to establish 

that the control and the treatment groups are effectively equal due to the natural variation[20]. 

The table 2 will illustrate data from a control and experimental groups for both pre-test and post-test measures. 

On the pre-test, the control group had a slightly higher mean score (60 ± 2) compared to the experimental group 

(58 ± 4). Eventually, there was a consistent improvement in both groups; the experimental group, however, 

experienced a bigger increase that can be noted through the post-test results. The control group improved to 65 ± 

3 while the experimental group improved to 70 ± 5. 

 

Figure 1.: Demographic Characteristics of Participants 

Table 2: Comparison of Pre-Test and Post-Test English Proficiency Scores between Control and Experimental 

Groups 

Group Pre-Test Mean (± SD) Post-Test Mean (± SD) Z Value P Value 

Control 60 ± 2 65 ± 3 2.45 0.014 

Experimental 58 ± 4 70 ± 5 3.67 0.001 

 

Authors performed the Wilcoxon signed-rank tests for the evaluation of the changes in level of smoking after 52 

weeks non-parametrically. Probably they argued like this as there was only a small sample then the assumption 

of normality for the results was unsafe[21]. The Z statistics indicate that both the control and experimental groups 

significantly improved from pre-test to post-test (p < .05).  
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Figure 2:  Comparison of Pre-Test and Post-Test English Proficiency Scores between Control and 

Experimental Groups 

Thus, it is clear that the experimental group had a higher Z score (Z = 3.67 vs. Z = 2.45) which proves that they 

outdid the control group depicted in figure 2. Overall, these results demonstrate that while scores improved over 

time for the control, the improvement was larger for the group receiving the experimental manipulation[22]. 

Determining effective strategies with the detailed intervention plans and measures will be useful in the 

implications of the studies. Further research could explore reasons for the differential group improvements to 

elucidate why the experimental treatment prompted superior performance. 

Table 3: GenAI Usage Analytics 

Group Total Hours of GenAI Usage Types of GenAI Activities Utilized 

Experimental 200 hours Chatbot, Writing Assistant, Vocabulary Builder Programs 

 

The table 3 gives a summary of the experimental group, relating to the total hours of GenAI usage as well as the 

types of the GenAI activities employed. Specifically, the experimental group logged 200 total hours of using 

GenAI across three products: the Chatbot, Writing Assistant, and Vocabulary Builder programs[23]. This data 

denotes that the experimental group used GenAI's services. The 200 total hours indicates a significant engagement 

with the AI system. Furthermore, by checking out 3 different programs, they definitely compared and contrasted 

different features that GenAI offers as they did not stick to a single tool only. However, without a control group 

for comparison, it is difficult to fully analyze the implications of this usage data in isolation[24]. Other areas for 

further examination using control groups without or with limited access to GenAI could include the comparative 

of research questions that will indicate the depth and span of GenAI usage. Longitudinal data tracking changes 

over time could also elucidate patterns and causal relationships. However, the important fact is that the information 

gained in the beginning of the experiment will be a good sign for deep involvement of the participants of the 

experimental group into numerous GenAI activities. More work is required to determine the outcomes and impacts 

of this AI usage. Evaluation and analysis being done continually will help in the identification of the most useful 

use cases of AI writing assistants which would in turn lead to the perfection of ways in which these devices are 

used in different settings[25]. 

The table 4 presents result from a hypothetical study comparing customer satisfaction between a control group 

and an experimental group exposed to an AI assistant called GenAI. The average for the group control was an 

overall consumption rating of 4.2 out of 5 which demonstrated they were very satisfied. The experimental group 
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exposed to GenAI had a higher average satisfaction rating of 4.5 out of 5, suggesting interaction with GenAI 

further improved satisfaction. In particular, the experimental group had evaluated their view of a Human-AI at 

4.3 out of 5, which shows the object of the study was very much appreciated. As AI proliferates in customer 

service settings, these results demonstrate the technology's potential not just to maintain but enhance user 

satisfaction[26]. 

Table 4: Course Evaluation Survey Ratings 

Group Overall Satisfaction Rating (Scale 1-5) Perception of GenAI (Scale 1-5) 

Control 4.2 N/A 

Experimental 4.5 4.3 

 

On the other hand, similar studies are recommended to involve longer observation periods and examine how the 

various customer segments behave, as compared to others, illustrated in figure 3. Additionally, ethical implications 

regarding privacy, transparency, and bias must be considered with implementing any AI[27]. As expected, the 

first study proves that AI agents assisting in customer experience are a good factor for business success, an 

essential component of business as well. Companies should continue investigating responsible AI integration 

while prioritizing user needs. 

 

Figure 3: Course Evaluation Survey Ratings 

4. Conclusion 

To sum up, the implementation of Generative AI (GenAI) in language teaching is full of both promises and threats 

that should be carefully avoided. Within the analysis of GenAI possible applications, such as language barrier 

breaking, the reorganization of language education, improvement of language assessments, we can see how GenAI 

can transform the process of learning and teaching languages. Nevertheless, the ethical concerns, which include 

bias, transparency, privacy, and automation of jobs, highlight the importance of ethical deployment and 

continuous monitoring. Demographic analysis indicates balanced distribution among gender and age groups, but 

disparities in the levels of previous technology experience and exposure to AI. Although such differences can 

affect the results, in depth statistical analysis is needed to determine how such differences may impact the study. 
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The results of the pre-test and post-test score comparison reveal substantial progress in both control and 

experimental groups, with the experimental group demonstrating a greater change, hence, providing evidence on 

the efficacy of GenAI-assisted learning. Usage analytics shows a high level of participation in GeneralAI by the 

experimental group participants which points to acceptability and utilization of AI tools. Ratings of course 

evaluation surveys show overall higher satisfaction and positive perceptions of GenAI among the experimental 

group participants, therefore pointing out the capability of AI in improving the user experience. Nevertheless, 

more studies are required to study the long-term effects, tackle the ethical issues and update AI integration 

approaches. In general, the results imply that GenAI can transform language Education, although thorough ethical 

considerations and regular evaluations are crucial for responsible and effective implementation. 
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